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New method

CCVe CCVG CCV#,VH NC CCv,, 1,
vellike 3355 632 1366 1227 1341
vellike 3354 1685 435 951 806
u-like 443 79 22246 865 363
Others 5846 302 4667 3171 2898

CCv, CCv, CCvy,v, NC CCvp,v,
vellike 4508 640 1837 2076 1267
Vellike 3702 1847 733 958 794
u-like 465 3523936 1003 601
Others 1470 176 2208 2177 2746
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New method
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New method
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Current SK method New method

Efficiency(%) Contamination(%) Efficiency(%) Contamination(%)
Ve-like 33.4 57.9 ve-like 43.3 57.5
Ve-like 62.5 /6.6 Ve-like 68.5 /7.0
p-like 77.5 7.3  plike 83.4 8.1
Others 51.0 77.2 Others 35.0 /5.2
e-like /0.9 40.6 e-like 83.0 42.2
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